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A short history of Al

1950: Turing proposes the imitation game

1956: Dartmouth workshop names “artificial intelligence”
1960s: Symbolic programs, search, and early neural nets

1970s: Knowledge representation and robotics research

“ 1980s: Expert systems enter businesses

1990s-2000: Statistics, data, and specialized Al become S
central

The field repeatedly shifted between broad ambitions and
narrow methods that worked on specific problems.




The Dartmouth Conference (1956)

Summer 1956: a small workshop proposed that “every aspect of learning or any other feature of intelligence” could be
studied by machines.

A name, a research agenda, and a network of A working route to human-level intelligence.
researchers.

The proposal was deliberately ambitious. That ambition helped launch a field and helped establish a pattern of high expectations.




Expert Systems (1980s):

Expert systems encoded specialist knowledge as
rules (e.g., MYCIN, XCON).

They delivered value in narrow domains, but rule
maintenance became expensive and extremely

difficult over time.
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The "Al Winter"

For decades, Al development stalled. Expert systems were

fundamentally brittle, relying on human-coded rules rather

than adaptive learning.
* The Hardware Bottleneck: Early mainframe computers

lacked the raw parallel processing power required to train
complex models.

* The Algorithmic Shift: The development of
"Backpropagation" allowed networks to iteratively learn
from their own errors.

* The Data Explosion: The birth of the modern internet
provided the massive datasets required to finally train

deep neural networks effectively.




EXPLOSION 2020s




Neural Networks
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The Transformer

From “Attention Is All You Need” (2017)

Attention Is All You Need

The “flux capacitor” of LLMs

Ashish Vaswani®
Google Brain

Niki Parmar®
Google Research

Noam Shazeer®
Google Brain

Aidan N. Gomez*'
University of Toronto
aidan@cs.toronto.edu

Llion Jones®
Google Research
1lion€google.com

Lukasz Kaiser*
Google Brain

1llia Polosukhin®
illia.polosukhin@gmail.com

Abstract

The dominant sequence transduction models are based on complex recurrent or
convolutional neural networks in an encoder-decoder configuration. The best
performing models also connect the encoder and decoder through an attention
mechanism. We propose a new simple network architecture, the Transformer,
based solely on attention i i wit] and lutions
entirely. Experiments on two machine translation tasks show these models to
be superior in quality while being more and requiring significantly
less time to train. Our model achieves 28.4 BLEU on the WMT 2014 English-
to-German translation task, improving over the existing best results, including
ensembles by over 2 BLEU. On the WMT 2014 English-to-French translation task,
our model it anew singl del s hi BLEU score of 41.0 after
training for 3.5 days on eight GPUs, a small fraction of the training costs of the
best models from the literature. We show that the Transformer generalizes well to
other tasks by applying it successfully to English constituency parsing both with
large and limited training data.
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GenAl:

* The big breakthrough was with “Transformer” models
— Chat”GPT”: Generative Pre-Trained Transformer

i/p sentence

* In 2022 OpenAl released 2 breakthrough Transformer models:

— ChatGPT which uses a Large Language Mode (LLM) - a massive neural
network that mimics how the human brain works with interconnected
“neurons”

— DALL-E which uses a Diffusion Transformer model which “predicts” the
next pixel and color to create an image

e And the race was on...

(A multi-model model consists of some combination of text, image,
video, audio, speech recognition, etc.)

o/p sentence
or target sentence




The transformer architecture

A transformer lets each token weigh the relevance of
other tokens.
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Al explosion: 2020 to the present

ChatGPT makes generative More capable multimodal
Al a mass-market product. models, tools, and long-
context systems.

Large language models Multimodal assistants
demonstrate broad text expand. Reasoning-focused
abilities. models and agents gain

attention.




GENERATIVE Al EVOLUTION

The Decline of Al Hallucinations

Key Drivers of Improved Accuracy

21 g 8 A) — 1. Retrieval-Augmented Generation (RAG)
Forcing systems 1o query trusted external source documents before formulating responses
1.0% e el l el it
in hallucinatior

Drop

At A LA e 2. Architectural Self-Correction & Guardrails

Multi-step reasoning frameworks opumized o nan dle uncertainty, actively cross-reference facts, o
concede when data I1s unavaiiable

Al Hallucination Rate Trend by Platform

3. Maturing User Prompt Competency
Widespread shift toward context-rich, bounded prompt engineering from users, dramatically




Al ORGANIZATIONS & MODEL FAMILIES




Modern Al: a connected family of models

Learn patterns from broad data across multiple modalities:

Text / LLMs
Vision

Audio

Images / video

Embeddings

Shared neural-network techniques, different input and

output formats.
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Major Al organizations & model families (Part 1)

Snapshot as of 12 September 2026. Model names and capabilities change rapidly.

OpenAl

Google DeepMind

Anthropic

Meta

xAl

NVIDIA

GPT family, o-series

Gemini, Gemma

Claude

Llama

Grok

NeMo, Nemotron

Closed models; broad consumer and developer use

Multimodal models; Google infrastructure and research

Closed models; safety research and enterprise focus

Open-weight model family; ecosystem distribution

Models linked to X and a growing compute program

Accelerators, software stack, and model tooling




Other organizations that matter (Part 2)

Amazon AWS, Bedrock, Trainium and Anthropic partnership
Apple On-device and private-cloud Al integration

Mistral Al European models with open and commercial options
Cohere Enterprise language and retrieval systems

IBM Enterprise Al, governance, and open model work
Huawei / Baidu / Tencent Chinese infrastructure, cloud, and model ecosystems

“Major” varies by task: frontier capability, open weights, chips, cloud scale, distribution, and regional ecosystems all matter.




BENCHMARKING




How do we benchmark Al?

l".."l o =

- :’ —
The Turing Test Humanity’s Last Exam
Can a judge distinguish a ~2,500 difficult, subject-diverse,
machine from a human in text multimodal questions. Created
conversation? to resist benchmark saturation.

O

Al Index Report

Stanford report tracks research,
tech performance, investment,
policy, and societal impact.

Benchmarks measure performance on a designed task. They do not measure a single, universal quantity called
intelligence.




BENCHMARKING

HLE HAM RADIO EXAMPLE QUESTIONS

* Propagation plus physics: Given a specific solar flux, K-index, and a 20 m path
betweén two grid squares, calculate the maximum usable frequency usmg a layer-
helg?ht model and determine whether a particular mode (e.g., FT8 at -18 dB SNR) is
likely to close the link.

« Antenna theory: Derive the radiation resistance of a small loop antenna (e.g., a
magnetic loop with a given diameter at 14 MHz), then compute its efficiency given
conductor loss, and the bandwidth from its Q.

 Digital modes and information theory: Given FT8's LDPC(174,91) code, 15-second
slot, and 8-GFSK modulation with 6.25 Hz tone spacing, compute the minimum
theoretical SNR in a 2.5 kHz reference bandwidth for a given bit error rate.

 Regulatory plus engineering: Determine the maximum permissible EIRP for a
specific band and mode under a particular country’s rules, combined with a link
budget for EME (moonbounce) on 144 MHz.

A question qualifies for HLE when it requires specialized domain knowledge plus
several reaso.nln? steps, has a single verifiable answer (a number, a short String, or a
multiple-choice Te

tter), and can't be solved by searching for a single fact.
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AGENTS




Agentic Al - 2025

* The “Next Big Thing” (new buzzword)
e Al that can perform autonomous actions

* Anyone ever hear of Skynet?
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Agents and reasoning models

Reasoning Model

A system that loops through a task: interpret a goal, A model configured or trained to spend more
plan, call tools, observe results, and adjust. computation on difficult problems, checking

int diat K.
Useful for: multi-step work. Intermediate wor

Useful for: math, code, and planning.

Both depend on guardrails, tool permissions, evaluation, and human accountability.




HIGH-END EXECUTIVE BRIEFING

Agent Societies and
Emergent Communication
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Emergent lllegible Protocols

= Agents rewarded purely for coordination
rapidly abandon plain English.

They develop token-efficient shorthand,
programming-like protocols, and novel
‘natural’ languages.

Crucial Safety Risk: Some languages
appear specifically designed to
evade human interpretability

and oversight monitors.

M Gemini Notebook



ONE Al AGENT EXAMPLE




Digital Ocean

“Droplet”

Discord App Bot

+

Gemini




Night Vale Moderator (APP) is an Al Agent

Night Vale RPG i+ game-session

T 10+ new messages since 3:53 PM on October 16, 2026
ou Events

lly I dive for the hole, hoping Brad is behind me. Self preservation is however, paramount

Night Vale Moderator APP -
Brad, do you invoke your status as a "Voter™ to stop the Librarian? Dolly, do you use your fire axe, or is there another way to "check out” the Source before you'r

1 welcome

H# game-session Deathbird
| slap my voter button to gain 15 minutes of grace and then | call out to the hooded figures at the dog park

X, @Deathbird | s slap my voter button to gain 156 minutes of grace and then | call out to the hooded figures at the dog park
Night Vale Moderator [APP

The "I VOTED" button on Brad's copper chest doesn't just glow—it screams with the righteous, bureaucratic fury of a thousand town hall meetings. A shockwave of vi

The Librarian’s fountain-pen claws freeze mid-swipe. Its "Table of Contents" face ripples, the ink bleeding and rearranging itself into a new chapter: SECTION 4.2: VOTE

"CITIZEN," the Librarian groans, the sound like a thousand spines cracking at once. "YOUR PARTICIPATION IN THE DEMOCRATIC PROCESS HAS GRANTED YOU
EIGHT HUNDRED AND NINETY-NINE..."

As the Librarian begins its countdown, Brad, you project your voice toward the darkest corners of the Reference Wing, calling for the Hooded Figures.




Al SLIDE POLISHING PROMPT

* Review this image and turn it into a polished, professional,
cohesive slide instead of a collection of clipart images. The slide
shows one example of an Al agent that interacts with a Discord
server channel. The code in the Digital Ocean Droplet is Python
using the Dango code library. The agent’s “voice” comes from

an API call to a Gemini LLM. Make the slide background dark
blue.




Gemini (Google)

Al Voice Agent Architecture for Discord

Digital Ocean Droplet Discord Ecosystem

Discord WS T | Discord Server Channel

Al Agent Sarvice App Bot

chanmnel
AR Intagration ]
ndling A + input

e Res

y Google Cloud
o awi = L 1
REST AR (Gemint Pro Vision/Audio) Geamini LLM [Pro AjsdioText )

Olscard + Seminl Inftegradion

This slide was redesigned to replace the basic clipart collection with a cohesive, modern layout
on a dark blue background. It illustrates the flow where the Al Agent, hosted on a Digital Ocean



Claude (Anthropic)

ARCHITECTURE OVERVIEW

An Al Agent Inside a Discord Channel

Chat messages flow to a cloud-hosted Python agent, and Gemini gives it a voice.

1- USERS 2 - BRIDGE

Discord Discord App
Channel Bot

Team members chat - Relays channel

from their own messages to the

devices agent and posts
replies back

3 - AGENT

DigitalOcean

Droplet

Python code runs '
the Al agent and
its logic

The reply returns along the same path: Gemini — Droplet — bot — Discord channel.

4 - VOICE

Gemini LLM

An API call
generates the
agent's responses




ChatGPT (OpenAl)
Al Agent Architecture

A Discord-connected agent powered by Python and Gemini

. DigitalOcean Droplet
Discord s it

Server / Channel \ Gemlnl

@ Night Vale Server LLM API
Messages Prom pt re
3 general — A

# night-vaie (Discord API) ~ (Gemini API)

Al Agent

Python agent « Dango library

User 1 User 2 User 3




POWER AND DATA CENTERS




The Physics of Matrix Multiplication

* Parallel Processing: Unlike standard CPUs that process
tasks sequentially, Al requires thousands of GPUs to
perform billions of parallel matrix multiplications

simultaneously.

N
B
g.

* Massive Power Draw: A single modern Al GPU (like an
NVIDIA H100) consumes up to 700 watts of power under
heavy computational load.

* Grid-Level Infrastructure: When networked by the tens of

“éoo oo‘o- .

thousands in a training cluster, the power draw reaches

tens of megawatts, requiring dedicated electrical

substations and massive grid resources.




The Scale of Al Infrastructure

Training Compute Inference Energy Thermal Management

Months of continuous, Generating a response
uninterrupted operation by (inference) takes vastly more The density of GPU racks
massive GPU clusters are computational energy than a creates extreme heat. Advanced
required just to train a standard web search, requiring liquid cooling infrastructure and
foundational model before it can constant, high-draw data center massive HVAC systems are just

answer a single user question. uptime. as critical to Al as the processors

themselves.




The data-center expansion debate

Local construction and skilled operations jobs Higher electricity and water demand

Tax base and supplier activity Land use, noise, and community disruption
Compute capacity for research and services Grid costs may shift to other customers

Potential grid investment and cleaner power contracts Emissions depend on the marginal power source

Fair questions for any proposal: Who benefits? Who pays for grid upgrades? What water and energy sources are used? What commitments are enforceable?




Data centers in space?

Status (Sept 2026): early prototypes and proposals, not a
replacement for terrestrial data centers.

Why propose it: Near-continuous solar exposure; process
Earth-observation data near sensor; avoid land constraints.

Advantages: Solar power without weather; direct space-
to-space links.

Hard problems: Launch cost, radiation, heat rejection,
eclipses, latency, debris, obsolescence.




WHAT'S NEXT?

The extinction of humanity...?



The Next Frontier:

Recursive Self-Improvement
s =1
The Theory Becomes = = s T
Reality (2026 Generates Better
y ( ) Architecture & Code
£l AntheriB’S Disclosure: PEYRSS P
Over 80% of production code
merged is now written by e
Claude models. g
® Engineer shipping velocity = Builds
is up 8x. g Next-Gen
® Autonomous task length is = Al Model
doubling every 4 months. g
T o
l_ -
Current
Al Model
L :
=]

=

=

The Industry
Posture Split

¥ Pause Advocates: Anthropic
calls for coordinated pauses
when RSl thresholds are
crossed.

# The Critique: Labs call for

safety while using their own
models to accelerate internal
frontier research.

& Market Reality: Startups like

Recursive Superintelligence
raised $500M purely on the
thesis of continual,
unsupervised self-
improvement.

M Gemini Notebook




This morning’s chat with Claude hasn’t exactly filled me with confidence.

Why can you potentially kill
off humanity but still not
accurately put flights in my
calendar in the local time
zone?

Because those are completely
different kinds of problem, and the
second one is, in its own small way,
harder.




Al and Ham Radio

create a picture for a powerpoint presentation that conveys the
feeling of the use of Al for ham radio

Image by
DALL-E




> " The AI-
—.| Augmented
= | Operator

&

. N - ’ : _— AN Leveraging Machine Learning

SANgenpTH — 2 ¥ o = = # y = E 5 = i
Wz = = : - ' and Generative AI for the

Advanced Amateur Radio Shack

M Gemini Notebook



CLUB LOGO CREATION

Prompt>>

Create a logo for an amateur radio club based on this picture of the Voice of America Bethany Relay Station
where the club meets. Include the club call sign which is “WC8VOA”. Do not include any additional logos or
badges like the ARRL logo. Make the logo simple enough that it can be used to create patches and logo-wear
such as hats, T-shirts, and sweatshirts.




CLUB LOGO CREATION

(Same picture and prompt for all)

Claude (Anthropic) Gemini (Google) ChatGPT (OpenAl)



QSL Card Image Creation

Google Gemini



Self Study / Radio Topic Explanation

what is impedance?

Impedance, in electrical terms, is the total opposition that a circuit offers to the flow of alternating

current (AC). It combines both resistance and reactance. Here's a breakdown:

1. Resistance (R):

Opposition to current that deesn't vary with frequency (e.g. resistors).

2. Reactance (X):
Opposition to AC caused by capacitors and inductors. It varies with frequency:

s Capacitive reactance (Xc): Decreases as frequency increases.

¢ |Inductive reactance (Xl): Increases as frequency increases.

Impedance is expressed as a complex number (Z):
Z=R+3jX
Where:

e I} is the resistance.

o X is the reactance (positive for inductance, negative for capacitance).

® jis the imaginary unit (used in AC circuit analysis).




Self Study / Radio Topic Explanation explain impedance at the high school level

When you deal with AC (alternating current), the current changes direction many times per second.
Impedance acts like resistance but also takes into account two additional effects that happen in AC
circuits:

1. Resistance (R): Like in DC circuits, it's the part that opposes current.

2. Capacitance (C): Some parts of a circuit (like capacitors) store energy and release it later. This
causes a time delay in the current, like a spring that stretches and bounces back. It makes it harder

for the current to flow.

3. Inductance (L): Coils (inductars) in a circuit create magnetic fields. These fields can push back on

the changing current, also slowing it down.

How Impedance Works:

Impedance is a combination of resistance, capacitance, and inductance. It tells you how hard it is for AC

to flow through a circuit. We represent it with the letter Z and measure it in ohms (Q).

¢ Simple Analogy: Imagine electricity flowing like water in a pipe. Resistance is like a rough surface in
the pipe slowing down the water. Capacitance and inductance are like bends or valves in the pipe

that make it harder for the water to keep a steady flow.




Self Study / Radio Topic Explanation Explain impedance to a 10 year old

Alright, imagine you're riding a bike down a smooth, flat road—that's easy, right? Now imagine riding

thraugh mud—it's way harder to pedal!

Impedance is kind of like how hard it is for electricity to move through a circuit. Sometimes it's easy, like

the smooth road, and sometimes it's hard, like the muddy path.
There are two things that make it harder for electricity to flow:
1. Resistance (like pushing through thick mud) — This slows down the flow no matter what.

2. Reactance (like trying to pedal faster and getting stuck) — This makes it harder or easier depending

on how fast you're going (like how fast the electricity is changing).

When you put them together, you get impedance—the total amount of pushback that electricity feels

when it tries to move through something.
It's measured in a unit called ohms (like measuring how tough that muddy path is!).

Does that make sense?




Application I:
Dynamic Resolution for Deep Theory

High Resolution, High Friction Adaptive Resolution, High Clarity [=J

Impedance is the total opposition to alternating ; Imagine riding a bike down a flat road-that's easy
current (AC). It is expressed as a complex number: (low resistance). Now ride through mud-that slows
Z = R + jX, where R is resistance, X is i you down no matter what (Resistance).

= 3 3 !
reactance (positive for inductance, negative for - Now imagine trying to pedal fast and getting stuck

capacitance), and j is the imaginary unit. ' -the pushback changes depending on how fast you
' ' pedal (Reactance).

Put them together, and you get Impedance (Z):
the total amount of pushback electricity feels.
Measured in Ohms.

Impedance (Z)

Resistance

Reactance

A Garmini Notebook



| Application II: Taming Dense Documentation
The Chaos

The Synthesis

How do I set the AGC time on a Yaesu
FT-710? Give me the exact menu steps.

AGC time constant settings

LD (| P b Conblinl o & et £ Tt
P T, ey o s

e . Press the F (FUNC) button to open the
smome, R RSN function menu.

Use the multi-function VFO or scroll
knob to navigate to the AGC menu.

Select between AGC-Fast, AGC-Mid, or

AGC-Slow depending on operating
conditions.

4, Press F (FUNC) to confirm and exit.

M Gemini Notebook



Application lll: Visualizing the Invisible

The Prompt The Translation . | The Output

——eeeee
[ L
o0 0 — B

>_ The Physical Dimensions The AI Code Generation
Write a Python script using X1 =145 x cos(135)
Matplotlib to visualize the
3D radiation pattern of a - yl = 45 % sin(135)
crooked wire antenna.

z1l = 30
Start point is 15ft high.
Segment 1 goes 45ft NW to X2 = x1 + 57 % cos(112.5)
30ft high. = =52.16
Segment 2 goes 57ft NNW to :
6ft high...

>> |

Takeaway: You do not
“—— need to know Python to
engineer with Python.

& J

A Gormind Notebook



Personal Expert System

Gemini Notebooks for Hams

Using tools like Gemini Notebooks you can ingest specific,
trusted documents—Ilike ARRL Handbooks, massive

transceiver manuals, and FCC Part 97 regulations.

The result is a grounded, personalized "Elmer". You can query
the system for highly specific menu settings on your rig or
regulatory edge-cases, and it synthesizes answers directly

sourced from your trusted PDFs.



Personal Expert System

Gemini Notebooks for Hams

"M Amateur Radio Operator Reference Notes

Sources
-+ Add sources

Search the web for new sources

€ Web v~ (X Fast Research v~

64

3 Select all
Active Amateur Radio Satellites: 2026 Operator's Guide

Al and Ham Radio.pptx

Al explains antenna.docx

Ham Extra Notes.docx

hamnotes.txt

DD W @

OpenGD77_UserGuide/OpenGD77_User_Guide.md at master - LibreDMR/...

0 @ @@ ®F 8 68 6

Amateur Radio Operator Reference Notes

6 sources - Nov 1, 2025

The provided materials explore the integration of artificial intelligence into amateur radio,
highlighting how different Al architectures function and how operators can utilize them. Causal
machine learning and generative models are contrasted, noting how generative systems can
produce inaccuracies known as hallucinations that are manageable through targeted system
prompts. Operators can leverage Al tools as a virtual mentor to study for exams, troubleshoot
specific transceiver hardware, and generate Python code to visualize antenna radiation
patterns. Additionally, reference is made to current documentation tracking active amateur
radio satellites for operators utilizing orbital communication channels.

Il savetonote (0 & &



Tuning Your Elmer

b/ \
i 4 \ = ‘SJ - '|i" '_

Raw Input: -,~;;; \ /‘x Ll SYSTEM_PROMPT = "You are an expert ham

Infinite o WM s [ g radio operator with decades of experience

Bandwidth, = o Rt . in communications, antenna design, and

High Noise : B.L.YTY wave propagation. You understand FCC

) rules, modulation modes (SSB, CW, DMR),

and Smith charts. Tailor responses to an
Advanced-class operator level."

Physical

Filters

Focused Output:

Highly Tuned : You don't listen to the whole band at once with
R oy e ] wide-open filters. Narrow the Al’'s bandwidth to your
Digital Elmer exact expertise level to eliminate generic responses.

M Gamini Notebook



Al-Assisted Audio
Processing

Real-Time Signal Cleanup

Right now, you can use Al-driven audio processing tools (like
NVIDIA Broadcast, RTX Voice, or specialized VST plugins)

routed through your SDR software or rig interface.

Beyond Bandpass Filters

Instead of simply narrowing a bandpass filter, Al neural
networks are trained specifically on human speech. They can
isolate a voice from heavy HF static, QRM, and pileups in real-

time, drastically improving readability on crowded bands.




Mining Your ADIF Logs

* Export Your Data: Export your ADIF logbook files (from
N3FJP, HRD, or LoTW) and upload them directly into a
data-analysis LLM like Gemini Advanced.

* Space Weather Correlation: Ask the Al to cross-
reference your thousands of historical QSOs with historical
Solar Flux Index (SFI) and space weather data.

* Personalized Insights: The Al can instantly map out your
station's unique propagation trends, identify hidden dead
zones, and predict optimal operating times based on your

actual physical setup and past performance.




Receive path (top row): the radio's audio goes
through the sound card into voice-activity
detection and Whisper. The trigger logic then
decides whether your call sign was heard and
the station was addressed.

Brain (purple): the LLM takes the transcript
and the running QSO history and writes a short
reply.

Transmit path (middle row): the reply is
voiced by TTS, and the PTT step keys the rig
through Hamlib and plays the audio. The arrow
loops back up to the transceiver.

Orchestrator services (bottom): these run
alongside the loop. The logger records each
QSO, the guardrails filter replies and provide
the kill switch, and the ID timer keeps the call
sign going out on schedule.

Al Powered Ham Radio Station:

Transceiver Sound card | VAD+STT
HF [ VHF | UHF USB audio codec Whisper

PTT +play TTS voice

Hamlib keying Piper, Kokoro
Orchestrator services
QSO logger Safety guardrails

ADIF, audio, transcripts Fllters and kill switch

Radio hardware Software pipeline

Trigger logic

Callsign match

LLM brain

Claude or local

Station ID timer

Callsign every 10 min




The Al-Augmented Operator

Theory Mastery [Vl ———==Wll Rapid Troubleshooting

Instantly adapting the Parsing hundreds of pages
resolution of complex RF of obscure firmware
math and wave propagation. limits in seconds.

Creative Outreach

Designing custom QSLs and
community assets.

Custom Engineering

Generating complex Python
and CAD for irregular
antenna structures.

Artificial Intelligence will not make the operator obsolete. It removes the friction of learning and troubleshooting,

allowing the experienced ham to push the boundaries of their craft further and faster than ever before.

M Germnini Notebook




Create an image for a Question and Answer (Q/A) slide for a

presentation on Al and ham radio




Anthropic

xAl (SpaceXAl)

Appendix

Major Al Tools by Company (as of Sept 30, 2026)

Flagship model(s) Coding agent General / always-on agent  Consumer assistant Image / video / music

GPT-6 Astra; GPT-6.1 Sal Codex (cloud, CLI, app) dots {always-on); Agents APl ChatGPT ChatGPT Images 2.5

Fable 5.1; Opus 5.5; Sonnet 5.! Claude Code Cowork (now inside Claude) Claude MNone found

Gemini 3.5 Flash (Pro still 3.1) Antigravity 2.0 (app, CLI, SDK) Gemini Spark (Ultra, US beta) Gemini app Omni, Nano Banana 2, Lyria 3,

Muse Spark 1.3 Muse Code Mo dedicated product found  Meta Al (WhatsApp, Instagram Muse Image, Muse Video

Grok Build Mo dedicated product found  Grok (tied to X) Grok Imagine




()

e Al Tech Giants Intelligence

@ 6 Companies

24 Grounded Headlines £ Sync Grounding

& E t Brief

| Additional Company Query Engine

Input: ask_user_company_gquery

Conduct a deep search and synthesize live intelligence for any additional Al enterprise (CEO, major models, and daily headlines).

x4l (Grok) Mistral Al MNvidia Al

@ Executive Dossiers

0k Al Model Matrix

All Companies (6) Anthropic D=

ily News Stream [E) Executive Synthesis

\Iphabet) OpenAl

g AN Anthropic Private ® Grounded

@ San Francisco, California, USA 5 Founded 2021 by former OpenAl researchers

Microsoft (5

B
=}

% $60B+ (Private Valuation)

Public-benefit frontier Al research lab renowned for the Claude family of foundation models, Constitutional Al training methodology, and deep

cloud distribution through AWS Bedrock and Google Cloud Vertex Al

Strar

c Focus:  Constitutional Al & Safety Alignment Computer Use & Autonomous Task Orchestration

Sv EXECUTIVE LEADERSHIP & CEO SPOTLIGHT

Dario Amodei C:0

Co-founder & Chief Executive Officer

Enterprise Sovereignty & Cloud Integrations {AWS/GCP)

Former VP of Research at OpenAl, leading pioneer in Al safety, constitutional Al, and frontier scaling architectures.

“We must build international standards and proactive safequards for catastrophic risks as Al models scale exponentially toward human-level autonomy.”



Q &7 Refresh [ Markdown

® Al Intelligence

QUIC

OpenAl Google DeepMind Anthropic Meta Al xAl Microsoft NVIDIA Mistral Al

~, JSON

EXECUTIVE LEADERSHIP  TARGET LEAD MODEL ARSENAL 4 Flagships © Al THREAT INDEX HIGH = AGI STAGE TRACKER L2 TARGET
Sam Altman OpenAl o3 & 03-mini T8 /1001nae Level 2: Reasoners (Transitionin...
Chief Executive Officer Primary: Frontier ng = for full Lev fiea
OpenAlod  Openfilol  GRT-do& 3 2 13
[£] Executive Briefing ~ Entity Profile & News @ Al Security Radar 5 AGI & ASI Trajectory @D Sources & Citations
| Synthesized utive Intellig Briefing Structured View  Raw Markdown () Copy Briefing & Download .md = Print / PDF
or Upendl « Ready for leadership brief
CLASSIFIED: EX NT E REPORT
THREAT INDEX READINESS AGI LEVEL

Strategic Intelligence & Threat Assessment: OpenAl 78/100  84% 12.8

2 1. Entity Profile: Leadership, Model Arsenal & Recent News

Current CEQ: Sam Altman
Chief Executive Officer

VERIFIED EXECUTIVE

Co-founder and CEQ of OpenAl. Leads organizational strategy focused on the safe development and deployment of Artificial General Intelligence (AGI) that benefits all of humanity. Oversees commercial scaling,
research roadmaps, and international Al governance engagement.

KEY EXECUTIVE PRIORITIES:

® Full deployment of reasoning-centric frontier models (o1, 03-series) * Supercomputer compute infrastructure and Stargate datacenter partnerships

® Agentic execution frameworks for autonomous coding and scientific research ® Enterprise safety, alignment evaluations, and government Al safety institute pacts

KEY Al MODELS MATRIX




What | Use:
company [use [ |pan e

OpenAl Most used LLM — long conversations OpenAl Desktop, Codex / Work “Go” S8 / month
Google Image and video generation / manipulation  Gemini, Gemini LLM API, Flow “One” S5/ month
GitHub Coding: Python, HTML VS Code with Claude Code “Pro” S$10 / month

Anthropic Deep(er) research Claude none Free-tier

CORE Al | SECURITY
CONSULTING




Useful Links:

* Al Tech Giants Intelligence Dashboard:

* Al Intelligence and Threat Radar:

* Online ADIF Log Analyzer:



bro went from code review to damage control @

Humor

Code review

This moming’s chat with Claude hasn’t exactly filled me with confidence. Review this code.

< dPR.)s
Why can you potentially kill
off humanity but still not
accurately put flights in my
calendar in the local time Vo wrois it
zone?

Whoever wrote this clearly doesn’t understand async.

Let's focus on the code, not the author.

Because those are completely
different kinds of problem, and the
second one is, in its own small way,
harder.

When you rely on LLMS: braindead slop-cannon

When | rely on LLMs: on the bleeding edge of cognitive offloading

128.4K




MACHINE LEARNING AND GENAI

(CONCEPTUAL)
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Machine
Learning

Artificial

Intelligence
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